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Abstract

Generative Al changes the objects that literary criticism is asked to interpret. A poem,
novel, translation, or interactive narrative may now be shaped by prompts, model versions,
training archives, interfaces, editorial selection, platform policies, and disclosures that reach
readers at different moments. Existing approaches offer important resources for this situation, but
no single approach reliably joins close reading to process evidence, archival uncertainty, material
conditions, and institutional responsibility. This article proposes Synthetic Hermeneutics as a
bounded protocol for that task. It defines a synthetic text as a text substantially generated,
transformed, translated, structured, or personalized through machine-learning systems, and treats
the published work as a synthetic textual event rather than as language detached from its
conditions of production and reception. The method proceeds through five ordered readings:
textual, production, archive, infrastructure, and responsibility. Each reading specifies its
permissible evidence and its prohibited inferences. The protocol is illustrated through published
cases including Ross Goodwin's / the Road, K Allado-McDowell's Pharmako-AI, Jukka Aalho's
Aum Golly projects, and Stephen Marche's Death of an Author. The article argues that literary
criticism should neither infer hidden machine use from style nor abandon interpretation when
records are incomplete. Instead, critics should state what is documented, what is attributed, what
is inferred, and what remains unknown. This evidence-bound practice makes room for literary

judgment while resisting claims that exceed the available record.
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Introduction

Generative Al has made literary interpretation more difficult in a specific way. The
difficulty is not simply that a model can produce prose. Literary works have always depended on
distributed activity: writers, editors, translators, printers, publishers, readers, and technical
systems all participate in the production and circulation of texts. What has changed is the density
and instability of the mediations that may become relevant to the work. A language model can
generate candidate passages; an editor can select, recombine, and rewrite them; a provider can
alter a model version without altering the work's title; a platform can personalize the text
presented to a reader; and a publisher can disclose machine involvement before, after, or never
during the act of reading. These conditions do not replace literary form. They alter the
evidentiary situation in which form is interpreted.

The familiar question, "Did Al write this?", is therefore inadequate. It compresses several
distinct questions: What language or structure entered the published object? Which humans and
systems participated in the workflow? What source materials and cultural archives made the
system possible? Which interface, platform, labor, energy, and access conditions shaped the
work's circulation? Who has the capacity to disclose, correct, compensate, or prevent harm? A
single answer to authorship cannot settle all of these questions. Nor can a polished close reading
settle them by itself.

This article proposes Synthetic Hermeneutics as an evidence-governed method for
reading machine-learning-mediated literature. The proposal draws on philosophical

hermeneutics, genetic criticism, book history, media archaeology, digital and computational
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hermeneutics, and scholarship on Al's material and institutional conditions. It is not offered as a
replacement for those traditions or as a claim that this framework is the first response to Al and
interpretation. Recent work in computational hermeneutics, for example, treats generative Al as
a cultural technology that should be evaluated through humanistic inquiry rather than accepted as
a neutral instrument (Kommers et al.). The present proposal has a narrower task: to give literary
critics a repeatable sequence for connecting a named textual object to a documented and partly
undocumented field of mediation.

The method has two commitments. First, interpretation remains indispensable. A text
may establish a voice, thythm, genre relation, ethical address, or formal tension even when its
production archive is incomplete. Second, textual appearance cannot prove a hidden workflow.
Smooth prose, recurrent syntax, a detector score, or resemblance to a familiar author can support
questions and comparisons; they do not independently identify a model, recover a prompt,
establish training membership, or calculate a percentage of machine contribution. The critic must
keep literary inference and causal assertion distinct.

The argument proceeds in four stages. It first defines the synthetic textual object and
explains why a fixed percentage cannot decide the category. It then introduces the provenance
field and the five readings that organize the protocol. The third section applies the method's
claim discipline to style, translation, archives, material conditions, and disclosure. The final
section shows why authorship, copyrightability, ownership, and responsibility must remain
separate, especially when institutions rely on automated detection. Throughout, the purpose is
not to make criticism procedural for its own sake. It is to make the grounds and limits of a

critical claim visible.
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From Synthetic Text to Synthetic Textual Event

The term synthetic text names a practical classification rather than an ontological verdict.
A text qualifies when machine-learning systems substantially generate, transform, translate,
structure, or personalize it. The criterion is dependency, not a percentage. A model may supply
only a small number of words yet materially determine a work's plot constraint, translation route,
recurrent structure, or personalized realization. Conversely, a large volume of generated material
may become incidental if a later process removes every consequential trace from the published
object. The critical question is whether the machine-learning-mediated operation remains
constitutive of the work being interpreted.

This definition avoids two opposite mistakes. The first treats every software-assisted
work as Al literature. Spellcheck, file storage, or ordinary word processing does not by itself
make a novel synthetic. The second mistake confines the category to a chat transcript or to a
work marketed as autonomous machine creation. Ross Goodwin's / the Road shows why that
restriction is too narrow. Its textual event includes sensor data, a custom recurrent neural
network, a route, a vehicle, a receipt printer, human design decisions, publication, and
translation. Calling it a chatbot novel would erase the apparatus through which the work was
made available (Goodwin; CBC Radio). The relevant question is not whether the car or model is
an author in a human sense. It is whether these systems participated in conditions that matter to
the literary object.

The classification is necessarily conditional. K Allado-McDowell's Pharmako-AI visibly
stages an iterative exchange with GPT-3, while the complete prompt-output history and exact
model configuration are not publicly available. The published edition supports claims about

typography, sequence, dialogue, and the creator's attributed description of pruning and
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arrangement. It does not support a complete reconstruction of every rejected generation or an
account of the model's internal state (Allado-McDowell; Ignota). Jukka Aalho's Aum Golly
projects make a different configuration visible. Documentation for the third volume includes a
corpus record and model-use information that allow unusually specific discussion of generation,
selection, revision, translation, and approval. That evidence should not be transferred backward
to earlier volumes with thinner archives (Aalho, Aum Golly 3; Aalho, "Model Usage"). Stephen
Marche's Death of an Author presents still another arrangement: human plot and assembly,
multiple generative tools, public claims about an Al-written percentage, and no complete public
composition archive. The percentage is a documented publisher and creator claim, not an
independently audited measure (Pushkin Industries; Harris).

These examples suggest that a literary work is better understood as a synthetic textual
event. The event is the provisional outcome of relations among human contributors, models,
archives, interfaces, institutions, infrastructures, and readers. This formulation does not dissolve
the work into its context. It asks which relations are evidenced well enough to change a
particular interpretive question. A printed book, a live personalized narrative, and a translated
excerpt may all involve generative systems, but they do not present the same object of reading. A
fixed edition permits claims about a stable sequence of words and pages. A personalized system
may require the critic to specify account tier, date, locale, interface, prompt route, and session
conditions before speaking of "the" text.

The concept also clarifies the relation between production and meaning. Barthes's
challenge to authorial sovereignty and Foucault's account of the author-function remain central to
literary theory because bylines, names, and intentions do not exhaust meaning (Barthes;

Foucault). Synthetic Hermeneutics does not restore a sovereign author through technical
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documentation. A production record is not an answer key. It can establish that a person
prompted, selected, revised, translated, or published. It cannot establish every effect that a reader
may find in the finished work. The protocol instead distinguishes genesis claims from
interpretive claims: one can be well supported while the other remains contestable.

The Provenance Field and the Five Readings

Genetic criticism provides a useful starting point because it reconstructs composition
from surviving witnesses: drafts, proofs, notebooks, correspondence, and versions. Yet machine-
learning-mediated texts often lack a stable avant-texte. Prompts may be absent, outputs may be
deleted, model snapshots may be undisclosed, interfaces may change, and the training archive
may be proprietary. A method for these texts must therefore make incompleteness explicit rather
than disguising it as an unbroken origin story. The provenance field is the name for that
evidentiary landscape.

The field has at least eight dimensions: textual, human, computational, archival,
institutional, material, legal, and readerly. The textual dimension concerns the examined
language and form. The human dimension records named acts such as prompting, selecting,
editing, translating, and publishing. The computational dimension identifies the documented
system family, version, interface, settings, retrieval mechanisms, and tools. The archival
dimension concerns prompts, outputs, source materials, data claims, and gaps. The institutional
dimension includes contracts, publisher statements, prizes, university rules, platform policies,
and disclosures. The material dimension includes access, labor, hardware, networks, and
resource conditions when they can be linked to the object. The legal dimension distinguishes

applicable jurisdiction and legal question. The readerly dimension asks what a particular
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audience encountered and knew at the time of reading. No dimension carries automatic priority.
The relevant evidence depends on the claim being made.

The field differs from a simple chain of provenance. Chains imply a clean sequence from
source to output. Synthetic works more often involve branching, recursive, and contested
relations. A creator may prompt a model repeatedly, select outputs, ask another system for
variations, edit a passage, and publish an edition whose reader later encounters a changed
interface. A publisher's statement may preserve one claim while a creator interview qualifies it.
A public archive may verify a model family but not a particular backend snapshot. The task is to
record these relations with their warrants, not to force them into one coherent origin narrative.

Synthetic Hermeneutics operationalizes the field through five readings, always taken in
this order: textual, production, archive, infrastructure, and responsibility. The order is
methodological rather than metaphysical. It begins with the work that readers can inspect and
expands the evidence field one step at a time. Each operation has a question, an evidence class, a
prohibited inference, and a bounded conclusion.

Textual reading asks what the examined language, form, typography, narrative structure,
genre signals, or interface affordances do. It uses the edition, realization, or captured interaction.
It may describe repetition, a shift in register, a pattern of address, or a material feature that
organizes reading. It must not infer a particular model, prompt, training source, or percentage of
machine authorship from those features alone. In Pharmako-AI, for instance, the alternation
between visually differentiated human and model utterances can support a claim about staged
dialogue and formal boundaries. It cannot establish the full order in which every interaction

occurred or prove that the two voices possess symmetrical agency.
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Production reading asks how a particular textual object became public. Relevant
evidence includes dated drafts, interviews, published process notes, edition histories, prompts,
output archives, version records, and attributed creator or publisher accounts. The critic records
the status of each claim. "Documented" means an inspectable record supports it. "Attributed"
means a named person or institution made the claim. "Inferred" identifies a reasoned movement
beyond direct description. "Unknown" names a question the available record cannot answer. This
vocabulary is more than a stylistic precaution. It prevents a publisher's publicity claim from
becoming an independently verified fact and prevents an absent record from becoming evidence
of deception.

Archive reading asks what prior materials, cultural traditions, datasets, genres, retrieval
systems, and omissions condition the event. It extends intertextual reading without turning
resemblance into a source accusation. Longpre and colleagues argue that authenticity, consent,
and provenance in Al data practices require serious attention, but a system-level account of web-
scale training does not identify whether a named novel was present in a particular model or
shaped a particular output (Longpre et al.). Critics must therefore separate training membership,
influence, imitation, copying, attribution, and consent. A close parallel may justify comparative
reading. It does not independently demonstrate that a work was memorized, scraped, or copied
during generation.

Infrastructure reading asks when technical conditions alter form, availability,
circulation, reception, or responsibility. The relevant scale may be an interface limit, a model
version, an account tier, a moderation rule, a server outage, a translation route, or a platform's
personalization system. It need not be an abstract account of "the cloud." Infrastructure studies

show that technical arrangements become visible in breakdown, access, and ordinary practice
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rather than functioning as a neutral background (Star and Ruhleder; Plantin et al.). The critic
should resist converting aggregate estimates of data-center electricity or water use into a per-
poem or per-book footprint. Such a calculation requires information about model, workload,
facility, allocation, and edition that is usually unavailable (Lei et al.; International Energy
Agency).

Responsibility reading asks who knew what, controlled which decision, benefited, could
document or correct the process, and could have prevented the relevant harm. It concerns writers,
editors, publishers, model providers, platforms, and readers, but does not presume equal
responsibility among them. A model may be causally important without being a moral or legal
person. This reading brings an ethical question back to the specific issue and actor: a publisher
may control disclosure; a provider may control technical documentation; an editor may control
the boundary between candidate text and final wording; a platform may control access and
moderation. Distributed production should not become distributed evasion.

Together, the five readings make a claim trace possible. A critic can begin with a formal
observation, locate any documented production relation, state what archive evidence does and
does not show, identify a material condition if it changes the work, and allocate responsibility
only after the preceding steps. The trace produces neither certainty nor a score. It produces a
record of how far an interpretation may travel.

Evidence Discipline across Style, Translation, Materiality, and Disclosure

The protocol matters most where a plausible observation invites an excessive conclusion.
Style is a common example. Readers increasingly describe prose as "Al-like," often referring to
smooth transitions, repeated modifiers, generic abstraction, over-complete summaries, or abrupt

changes in register. These can be useful textual observations. They can identify a feature worth
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comparing across passages, editions, genres, or drafts. They cannot identify a production cause
without corroborating evidence. A human writer can produce formulaic prose; a model can
produce an unusual or difficult passage; a translator, editor, or interface can produce features that
readers mistakenly attribute to generation.

Stylometric and detector research makes this limit especially clear. Zhu and Lei reported
more than 80 percent accuracy for Burrows's Delta in a specified collection of human and
machine-produced argumentative essays, while also finding that performance changed with text
length and feature selection. The result supports a bounded classification task. It does not
establish a universal machine signature in novels, translations, lyric sequences, or heavily revised
drafts. Liang et al. further show that some GPT detectors disproportionately classified non-native
English writing as Al-generated. These findings require a critic or institution to record tool
version, date, threshold, corpus, language, genre, text length, preprocessing, error evidence, and
appeal route. A score may support an inquiry. It cannot prove fraud, prompt history, machine-
written percentage, or the absence of human authorship.

The same distinction applies to intention. Wimsatt and Beardsley's warning against
reducing a poem to a recoverable intention remains useful, while current debates add a separate
temptation: to treat fluent model output as evidence of belief, understanding, or a stable speaker.
Bender et al. caution that fluent language can encourage readers to project grounded knowledge
and social understanding onto systems whose conditions do not warrant those projections.
Synthetic Hermeneutics therefore separates formal effect, situated address, documented human
intention, and model operation. A passage can stage a persuasive voice without proving that a

model has an intention. A creator can document a prompt without determining every relation a
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reader discovers. The method does not make meaning impossible; it locates different kinds of
meaning claim at different evidentiary levels.

Translation makes this separation particularly urgent. Translation was already distributed
across source text, translator, editor, publisher, languages, and reader positions before generative
systems entered the workflow. A machine-mediated translation adds potential model, interface,
prompt, candidate-selection, and disclosure variables. It does not reduce evaluation to the
question of whether a target text is fluent. Critics must distinguish source access, semantic
adequacy, voice, cultural mediation, production history, and reader response. A monolingual
reader may responsibly report the texture and address of a target text, but cannot make the same
source-comparison claim available to a bilingual reader. Neither position is uniform, and neither
should be treated as a deficit by default.

Recent empirical work supports this caution. Zhang, Xie, and Hu compared selected
passages from Chun-chan Yeh's English novel and Chinese self-translation with selected model
translations. Their retained native-Chinese participants showed no statistically significant
differences in the measured blind-reading outcomes for the study's conditions. A subset of
qualitative responses later indicated that hypothetical knowledge of Al involvement could
prompt reconsideration. The findings are important, but their boundaries are equally important:
the study concerns two selected excerpts, a historical self-translation, particular generation and
selection procedures, and a later hypothetical question rather than an actual randomized
disclosure intervention. It cannot establish general parity between human and machine
translation, professional consensus on fidelity, or a universal disclosure effect. The result instead
shows why the critic must keep blind textual response, attributed production information, and

measured reception evidence separate.
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Disclosure is not an external label added after interpretation. It can become part of the
reader's object. Genette's account of paratexts helps explain why a production note, author
byline, platform label, or retrospective revelation may shape the threshold through which a work
is read (Genette). Yet disclosure should not be treated as a universal correction for opacity. A
bare statement that a work was "made with AI" hides more than it reveals. A useful note
identifies the system or system family when known, the date or relevant version, the task for
which it was used, the human roles that selected or revised output, the edition or release to which
the note applies, and material uncertainties. A translation note should additionally identify who
compared source and target versions. A live personalized work should identify the relevant
session, account, data, moderation, and version conditions.

The timing of disclosure also matters. Prior disclosure can shape expectation before
reading. Blind reading can register response before a reader knows the attributed process.
Retrospective disclosure can prompt a later reevaluation. Contested disclosure introduces a
different problem because the reader may not know which account is reliable. Porter and
Machery's experiment on poetry and Raffloer and Green's study of short narratives provide
evidence about specific genre, corpus, and disclosure conditions, not a general psychology of Al
authorship (Porter and Machery; Raffloer and Green). The methodological lesson is modest:
studies should not be combined into a single claim that readers always prefer, reject, or fail to
identify Al-generated literature.

Material conditions require equivalent restraint. Models depend on data preparation,
annotation, verification, moderation, maintenance, hardware, networks, and energy systems, but
it is inaccurate to imagine a single hidden worker or a single planetary cost behind each sentence.

Tubaro, Casilli, and Coville identify distinct forms of platform labor that support Al systems,
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while environmental scholarship emphasizes the importance of specifying the relevant system
boundary. A literary critic may discuss labor or resource use when a record connects those
conditions to a named object, interface, or circulation route. The critic should not assign a precise
energy, water, or carbon figure to a book merely because it involved a model. In / the Road, the
sensor, route, and printer are visible parts of the event. In Pharmako-AI, the printed dialogue, the
GPT-3 family relation, and editorial selection can be discussed from public records, while
facility-level impacts and complete model-call history remain unknown. The unknowns are not
an inconvenience to be covered by rhetorical scale. They are part of the interpretation's limit.
Institutions, Authorship, and Bounded Judgment

Institutional disputes often force the questions that criticism can keep distinct. A
university may ask whether a student misrepresented a process. A publisher may ask what to
disclose in a manuscript or contract. A prize may ask whether a work meets eligibility rules. A
platform may triage content using an automated classifier. These are not all authorship questions,
even if they are publicly described as such.

Synthetic Hermeneutics separates at least seven maps: causal contribution, literary
interpretation, credit, copyrightability, initial ownership, contractual assignment or license, and
responsibility. A model's causal contribution does not itself decide literary authorship. A byline
does not establish copyrightability. A copyright registration question does not establish
ownership of every component of a workflow. A contract does not transform unprotectable
material into protected expression. A responsibility judgment does not determine legal liability.
Keeping these maps separate does not make institutions indecisive. It prevents them from

treating a convenient label as a complete answer.
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Current U.S. materials illustrate the value of this distinction. The U.S. Copyright Office's
2025 report treats copyrightability as a case-by-case inquiry into identifiable human expression,
selection, arrangement, and modification, while maintaining that purely Al-generated material is
not protected under the Office's position (U.S. Copyright Office). The D.C. Circuit's decision in
Thaler v. Perlmutter concerned an application listing a machine as the sole author and did not
decide the threshold of human contribution in mixed workflows (Thaler v. Perimutter). These
sources are relevant to U.S. copyrightability and registration practice. They are not universal
rules about literary value, credit, moral authorship, contract, or law in other jurisdictions.

The European Union's Al Act makes a different institutional distinction. Article 53
concerns specified obligations of covered general-purpose Al model providers, not a general
requirement that every author disclose prompts or that every publisher reveal a full production
archive. The European Commission states that the relevant provider obligations entered into
application on 2 August 2025, that Commission enforcement powers entered into application on
2 August 2026, and that certain pre-existing models have a transition period until 2 August 2027
(European Commission; European Parliament and Council). The practical implication for
criticism is not to convert provider regulation into a generalized book-credit rule. It is to name
the jurisdiction, actor, legal question, and date before drawing conclusions.

Where institutions consider sanctions, a minimum evidence record is necessary. It should
include the detector or classifier version and date; the validation and local comparison corpus;
the threshold; the language and genre; the text length and excerpt boundary; preprocessing; false-
positive, false-negative, calibration, and subgroup evidence where available; an appeal route; a
decision maker; and corroborating process records. This is not a claim that every allegation will

be resolved by documentation. Drafts, logs, testimony, and metadata can also be incomplete or
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misleading. It is a claim that automated triage should not become a public fact about authorship
without procedural safeguards.

Responsibility belongs at the end of this process because it depends on the object and
issue identified earlier. A writer who selected and published output may have duties of accuracy
or disclosure. An editor may have duties concerning revision boundaries and reader-facing notes.
A publisher may control marketing claims and contractual representations. A provider may
control technical documentation, access, and certain design choices. A platform may control
moderation, data practices, and visibility. Readers and researchers may have duties of
interpretive care, especially when repeating contested claims. These responsibilities are uneven
because knowledge, control, benefit, capacity, and preventability are uneven. Distributed
causality does not erase accountability.

Discussion and Conclusion

Synthetic Hermeneutics is intentionally limited. It cannot recover deleted prompts, closed
training data, undisclosed model parameters, hidden labor chains, or private contracts. It cannot
decide whether a work is aesthetically valuable. It does not turn literary interpretation into a vote
among evidence layers, and it does not provide legal advice. Its purpose is more practical: to
make the critic say which object is being read, which record supports each claim, and where a
claim must stop.

The method also faces predictable objections. Some may argue that it is source criticism
with extra terminology. The reply is that conventional source criticism does not always account
for changing model versions, interfaces, platform policies, personalized outputs, or missing
computational archives. Others may worry that production evidence restores authorial intention

as the master key. The protocol prevents that outcome by beginning with textual reading and by
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marking production claims as documented, attributed, inferred, or unknown. A final objection is
that incomplete archives make the method unusable. In fact, incompleteness is the reason for the
method. An opacity statement is not a failure to interpret; it is an account of what the available
record permits.

The central contribution, then, is not a new vocabulary for machine authorship. It is a
disciplined route through a changed literary situation. Critics can read the text closely,
reconstruct production only where records warrant it, distinguish archive questions from source
accusations, identify material conditions only when they alter the object, and allocate
responsibility without treating causal participation as equal moral status. Such a procedure does
not make synthetic literature transparent. It makes the limits of transparency legible. That is a
necessary condition for criticism that remains both literary and accountable.
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